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Data science and Machine learning
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Machine Learning
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[ Supervised Learning ] [UHEUpEWTEEd Learning ] [ReinfnrcementLeaml‘ng ]
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[ Classification ][ Regression ][

Clustering

] [ Decision Making ]

r"f; Maive Bayes N

Classifier

= Decision Trees
= Support Vector
Machines

= Bandom Forest
= — Mearest

Meighbors
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= Neural Network
Regression

= Support Vector
Regression

= Decision Tree
Regression

= asso Regression
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= K-Means Clustering
= Mean-shift
Clustering

= DBSCAN Clustering
= Apslomerative
Hierarchical
Clustering

= Gaussian Mixture

/
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= O-Learning
=R Learning
=TD Learning
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